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APPLICATION OF CORRECTED BP NEURAL NETWORK IN
PM2.5 PREDICTION BASED'ON MARKOV

CHEN Guang-yinyCAI'Hao—jing,JIANG Xin
(Kunshan Environmental Monitoring Station, KunShan, 215300 , China)

Abstract.ased on the meteorological. data of a Kunshan” monitoring site and Weather
Network, the correlativity of 10 influencing factors on PM2.5 were analyzed. The results
showed that PM2.5 and PM10 are highly correlated, positively correlated with CO, SO2, NO2,
03. According to the analytic result, model input data dimensionality was reduced. Using BP
network to predict PM2.50f the sequence 1-16, the results show that the error is from-25%
to 26.9%. The prediction error is divided into 4 states, and the BP prediction results of 17 18
are revised by probability transfer matrix. Results show that the error by the BP network was
from -14% ,-25% downed t0-8.3% ,-7.1% which was modified by Markov. Accuracy is
greatly improved and it Indicates that the Markov—BP neural network model has a certain
practical significance in Forecast of PM2.5 in Kunshan .

Key words: PM2.5;Markov chain ; Backpropagation Model; Prediction;Correction.
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